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Abstract

Document classification is one of the representative research subjects of natural language processing and it has
been applied to topic classification, reputation analysis, filtering, etc. In document classification, the word frequency
has been used as features of a document. However, it is difficult to calculate the similarity and relevance between
words from the information of the word itself. Therefore, the author aimed to improve the classification performance
by using distributed representation of words as features. First, 7,881 abstracts excluding duplications were extracted
from the ICHUSHI Web, which is a Japanese medical literature information database, and they were used as a
corpus for machine learning. Next, vector representation of words was obtained using skip-gram model. Experiments
were performed to classify the abstracts into five diseases using the centroids and synthetic vectors of the obtained
word vectors as features. For the purpose of evaluation, the result was compared with the classification result by
the conventional method using word frequency. As a result, the accuracy of classification by this method was 0.770,
which was not able to exceed the conventional method (0.807), but it was able to obtain classification performance
comparable to it. The reason why the classification performance by this method was lower than that of the
conventional method was considered as the quality of the word vector, ambiguity of the word, problem of feature
selection, and so on. Among them, there is room for improvement in feature selection which discards most of the

acquired information without using it.
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